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Abstract Overall Pipeline Experiments

We present a novel approach to improve the performance of sample-based motion
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Results
We prove that the replacement of exact collision query by probabilistic collision _ — 1) Up to 100% acceleration on various planners.
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3)The robot is more efficient when it learns more and more:

Probabilistic Collision Query
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Three levels of Learni ng from Experience The collision probability computation is based on two kinds of k-nearest neighbor algorithms: ) We should avoid adding
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